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Abstract: In customer relationship management (CRM), this paper examines the shift from rule-based automation to 

agentic orchestration, delving into the emergence of autonomous artificial intelligence (AI) agents in customer-facing 

processes. It also explores the impact of autonomous AI agents on enterprise CRM platforms and how they are being 

orchestrated, specifically Agentforce, a leading enterprise AI agent framework that orchestrates CRM tasks 

independently and integrates with systems. A conceptual model is proposed that connects agent capabilities, CRM 

workflow integration, and CRM performance outcomes. Proposed model indicates that with the use of advanced 

technology such as perception, reasoning, planning, and execution of actions in the agent, the efficiency of the 

workflow will be enhanced, thereby improving workflow efficiency, service responsiveness, and customer-facing 

performance. These relationships are impacted by the organizational readiness, data ecosystem maturity, governance, 

and scalability architecture. Illustrative pilot indicators suggest lead-conversion cycle-time savings, average service-

handling time savings, first contact resolution, service level agreement compliance and customer satisfaction. The 

results underscore the transformative power of agentic CRM systems as well as the persistent issues of integration 

with legacy systems, human-agents coordination, trust, and measuring performance at scale. This paper aims to offer 

a systematic understanding of autonomous AI agents in CRM and suggests future research avenues, such as multi-

agent ecosystems, explainable agentic decision-making, and large-scale enterprise evaluation. 

Keywords: Autonomous AI Agents, Agentic Systems, Customer Relationship Management, CRM Workflows, Workflow 

Orchestration. 

I. INTRODUCTION 

In recent years, the field of artificial intelligence (AI) has shifted from the automation of specific tasks to the creation 

of integrated agentic systems that can perceive, reason, plan, and act with very little supervision. Also called AI agents or 

multi-agent systems, these systems are becoming increasingly used in enterprise settings to facilitate complex decision 

making, real-time interactions and responsive workflows [1]. 

At the same time, CRM systems have grown to be a core part of customer interactions, sales process, and customer 

service operations. Autonomous AI agents offer a tremendous chance to transform how organisations connect with 

customers and sell products and services.  

This is a topical and relevant point to discuss. Firstly, organisations are facing the pressure of digital transformation 

and the accelerating rate of structured and unstructured data, forcing organisations to deliver timely actionable insights and 

automate processes on a large scale. The development of AI-enabled CRM systems is one of the results of this change [2]. 

Second, autonomous agents with reasoning and system cross-coordination abilities are increasingly replacing or augmenting 

rule-based automation, as it signifies a paradigm shift in enterprise automation [3]. Third, the use of AI in customer-centric 

workflows is associated with potential benefits, including increased efficiency, improved customer experience, and more 

responsive workflow orchestration. 

Nonetheless, this change poses significant technical and organisational issues. Regarding AI, key challenges include 

system architecture, legacy-system integration, dependability, transparency, and responsibility in automated decision 

making [4]. In a CRM sense, autonomous agents enable end-to-end process coordination, including lead qualification, 

campaign optimisation and customer service resolution that transform CRM systems into an active coordination system 

rather than a passive one based on data repositories. However, this is still at the early stage of development [5].  

Several research gaps remain. Existing studies focus mainly on CRM analytics tools or chatbots, while limited 

research examines autonomous agentic systems that coordinate end-to-end CRM activities. Data quality, integration of 

systems, coordination between man and agent, and trust are key challenges [6]. Furthermore, empirical research on the 

scalability, outcome and best-practice implementation of autonomous AI agents in CRM is not well studied. The disconnect 

between concept and application is a topic which should be addressed systematically. 
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This paper explores the idea of using autonomous AI agents in CRM processes, particularly enterprise-specific 

applications like Agentforce. This paper reviews the available literature, identifies critical issues and opportunities, and 

develops a conceptual framework explaining how agent capabilities influence CRM performance outcomes. The remainder of 

the paper is structured as follows: literature review, methodology, results and discussion and conclusion. 

A. Research Contributions   

This paper contributes to the emerging literature on AI-powered CRM in four major ways. 

 First, it develops a conceptual framework explaining how autonomous AI agent capabilities, namely perception, 

reasoning, planning, and action execution, influence CRM workflow integration and performance outcomes. This 

extends prior literature, which has mainly dealt with analytics applications and chatbots.  

 Second, the paper provides an empirical illustration based on a pilot implementation of agent-based CRM workflows. 

The results show measurable improvements in the operational and service performance such as decreases in the 

lead-conversion cycle time and average handling time along with increases in first-contact resolution and customer 

satisfaction. 

 Thirdly, there is a cross-disciplinary synthesis achieved by synthesising the findings of CRM research, enterprise 

architecture and AI agent systems. This helps in developing a more holistic theory of agentic CRM systems as 

coordinated, intelligent and not just a set of tools. 

 Finally, the paper also pinpoints critical factors of moderation such as the readiness of the organisation, the level of 

maturity of the data ecosystem, the governance mechanisms and the scalability architecture that influence the success 

of autonomous AI in CRM. These aspects help as a basis for future empirical studies and practical applications. 

II. LITERATURE REVIEW 

A. Evolution of AI in CRM Systems 

The initial research on AI in customer-related fields focused mainly on its role as a decision-supporting and analytics 

tool for marketing and service systems. The early work [7] envisioned AI helping service work in both front and back office, 

and as part of the evolution from mechanical to analytical, cognitive and eventually emotional intelligence in the provision of 

services. This work laid the groundwork for the theoretical understanding of the potential impact of AI capabilities on CRM 

processes, where tasks are distributed between humans and intelligent systems. 

Later marketing research focused on the potential of AI to revolutionize customer engagement, targeting, and 

personalization. A multi-dimensional framework [8] proposed a progressive automation of the marketing functions in the 

areas of sensing, learning and acting by using AI. They conclude that while CRM systems can be seen as a passive repository 

of customer data, they are becoming a dynamic system that can actively engage and interact with customers, to an extent. 

Overall, this collection of literature indicates that the impact of AI on CRM is more than a mere process of delegating tasks—

it's a transformation of how customer relationships are managed. 

B. Conversational Agents and Intelligent Customer Interaction  

One of the earliest, and most widely researched, types of AI-powered CRM automation is conversational agents, such 

as chatbots and dialogue-based recommender systems. Goal-driven communication, preference elicitation, and adaptive 

recommendation generation are three aspects that have been highlighted in the literature for research on conversational 

recommender systems to improve task success and user satisfaction [9]. They represent an integral part of the autonomous 

CRM agents: how interaction, reasoning, and understanding of context can be embedded in processes that customers 

experience.  

Empirical studies indicate that in service-related contexts conversational agents can enhance the operational 

efficiency as well as the customer's experience. Research on cognitive B2B communication chatbots has found that perceived 

value and usage of such chatty systems is tightly linked to the quality and reliability of the information they provide, pointing 

to the need for effective agent design [10]. Other factors found by human–computer interaction research directly affect task-

resolution rates and customer contentment, such as conversation flow, transparency, and responsiveness [11]. The results of 

this study demonstrate that the use of conversational agents can contribute to the efficiency of CRM but the design and 

quality of integration plays a key role in this. 

C. From Chatbots to Autonomous Agentic Systems 

While chatbots and conversational systems are the most prevalent in the AI–CRM literature, the more recent studies 

indicate an evolution of more agentic and autonomous systems that can implement a workflow. Business agility research 

shows that the use of chatbots for automation can not only improve more conventional and standardized business processes, 

but also more innovative and adaptive ones [12]. However, more recent mixed-method studies suggest that chatbots can 
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support human intelligence in decision support, emotional support and coordination, and not only in the automation of 

specific tasks [13]. 

However, recent studies also point out some of the restrictions of narrow scope functional agents. The field 

experiments show that when failures in customer–chatbot interaction are not followed by the right repair strategies and 

escalation procedures, it can have a negative impact on the results. These restrictions promote the shift to self-service AI 

agents that can perceive a wider context of the workflow, think, analyze, and decide on the next best action to take, and 

manage systems and human actions—attributes that are not common traits of a chatbot architecture. 

D. AI, Decision Support, and Workflow Orchestration 

Beyond studies focused on CRM, other research areas like decision-support systems and operations research can 

provide valuable insights into the potential of AI systems in supporting complex organizational processes. Optimisation, 

learning and explainability are all critical for making reliable decisions in an automated fashion, as seen in reviews of AI 

based decision-support systems [16], in the context of operational environments. The principles can be directly applied in the 

CRM world, for example regarding gaining the balance between efficiency, accuracy and transparency in taking action on the 

information regarding the customer in an autonomous manner. 

Recent research in EA provides models for autonomous agents to be integrated into the organisation systems through 

API, orchestration layer and monitoring systems. In this literature, it is pointed out that there is a need for modular 

architectures as well as governance controls and feedback mechanisms to keep agent actions in line with business goals. 

These architectural perspectives show that agent capability should be understood not only as a tool-level feature but also as a 

coordination mechanism embedded within enterprise systems. 

E. Governance, Trust, and Organisational Readiness 

Another recurring theme in the literature is that governance, trust, and organisational readiness are key to successful 

AI–CRM integration. Data quality, ethics, explainability, and accountability are consistently cited as key challenges in AI-

powered CRM, as revealed by systematic reviews [15, 27]. When it comes to customer-facing applications, trust factors are 

even more important, and perceptions of transparency and control have a significant effect on acceptance and satisfaction. 

Further, there are disclosure techniques, anthropomorphic design cues and framing in interactions that influence 

customer interactions with AI agents, as revealed in behavioural research. For instance, an AI chatbot can lower the 

likelihood of a purchase when indicating that the interaction partner is an AI chatbot, even in cases of operational gains, 

while anthropomorphic design can increase social presence and engagement [20, 21].  The findings suggest that technical 

performance improvement is not the only factor that can explain outcomes of CRM, and that policy options, design options, 

and governance systems are important moderating factors that can influence outcomes of CRM. 

F. Research Gaps  

Taken together, the literature demonstrates indisputable benefits of AI-driven CRM systems in terms of efficiency, 

agility, and customer experience. But there are a few things that are missing. First, research efforts are mainly focused on 

analytics, decision support, or conversational agents, and few studies have examined fully autonomous agentic systems that 

are able to coordinate end-to-end CRM processes. Secondly, little empirical information exists on long-term and extensive 

deployments of autonomous agents in CRM. Third, despite the fact that governance and trust have been identified as key 

concerns, there is limited development of models that connect agent capabilities, model orchestration, organisation enablers, 

and performance outcomes. 

This analysis suggests that autonomous AI agents are poised to become the next phase of CRM evolution, moving 

beyond task automation to intelligent coordination of customer-facing processes. Thus, in this paper, the authors aim to fill 

these gaps and develop a conceptual model that can account for the translation of agent capabilities to CRM performance 

outcomes in various organizational settings by integrating research from marketing, service research, human–computer 

interaction, decision-support systems and enterprise architecture.  

The general conclusion from the reviewed literature is that AI is proving to be increasingly relevant in the context of 

CRM, but most of the studies are centered on either the use of AI for CRM analytics or the use of AI for the development of 

chatbots. There is little research that has discussed about end-to-end autonomous agentic systems that can coordinate end-

to-end CRM process. Such a gap highlights the need for conceptual models that describe the interaction between the agents' 

capabilities and how they are incorporated into the workflow and their effect on the organisational results. 

III. METHODOLOGY 

This study adopted a mixed-method exploratory design to examine the potential of autonomous AI agents in CRM 

workflow transformation. Here the authors share their methodology for studying the potential of autonomous AI agents to 
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revolutionize CRM workflows. The methodological design is appropriate to be able to capture both the organisational and 

technical aspects of the agentic CRM systems, and it is aligned with the conceptual framing which was set in the literature 

review. 

A. Research Design and Approach 

The current work adopts a mixed-method exploratory approach comprising a structured literature review, semi-

structured interviews, documentary analysis and an illustrative pilot comparison of CRM performance indicators. Using 

purposive sampling allowed for the inclusion of individuals who had hands-on experience with AI-enhanced CRM platforms, 

providing insights into technical and organizational challenges. Semi-structured interviews were conducted with ten 

enterprise practitioners who have been working with enterprise CRM systems that have involved the use of artificial 

intelligence or agentic systems. Mixed methods are especially suited for the study of technologies like autonomous AI agents, 

as they can capture the relationship between the technical architectures, organisational practices, and performance 

outcomes. Agent-enabled systems can have measurable efficiencies, governance problems, integration concerns and 

changing relationships between humans and agents, all of which must be fully understood with a qualitative approach. 

To support this, the study adopts three aspects that are complementary: (1) qualitative interviews and document 

analysis, (2) synthesis of the existing studies on agentic systems and AI-based CRM, and (3) conceptual model development. 

This is similar to the research practices that are recommended in exploratory work in information systems and enterprise AI 

context [17]. 

B. Data Collection 

The pilot analyzed the performance of the CRM workflows over an eight-week period before and after the 

introduction of autonomous agent-based workflow orchestration and examined operational metrics. Documentary sources 

and semi-structured interview and operational indicators were used as data sources. 

The following search was conducted to organize the peer-reviewed journal articles, technical white papers and 

enterprise architecture case studies on the topics of autonomous AI agents and CRM. The sources covered topics such as 

agent architectures, enterprise API integration, workflow orchestration, and AI-driven CRM performance metrics [17, 18, 19]. 

They were the sources that provided information about key constructs, on standardisation of terminology, and on conceptual 

framing. 

Ten enterprise level CRM automation practitioners who are engaged in enterprise level CRM automation projects 

with an AI or agentic solution participated in semi-structured interviews. The participants were the CRM platform leaders, 

automation architects, platform leads, and operations managers of Customer Service. The interviews were recorded 

verbatim, took about 60 minutes (with informed consent). The interview guide included questions on agent deployment, 

integration challenges, governance issues, human–agent collaboration and perceived impact on CRM performance. 

To illustrate the proposed framework, the paper includes a pilot performance comparison based on observed 

operational indicators based on metrics commonly used in CRM evaluation, such as lead-conversion cycle time, average 

handling time, first-contact resolution, SLA compliance, and customer satisfaction. These indicators were used to measure 

the implications of autonomous agent deployments for operations. 

The study followed standard ethical procedures, including informed consent, anonymisation of participants and 

organisations, and secure data handling. 

C. Data Analysis 

The unit of analysis of this study is the CRM workflow process, which involves autonomous AI agents, enterprise 

CRM systems, and human service operations. Thematic coding was used for qualitative analysis of the material. The 

preliminary codes were inductively derived from constructs extracted from the literature including agent capability, 

workflow integration, governance, trust and CRM performance outcomes. Iterative analysis also yielded some inductive 

codes that highlighted themes like friction with legacy systems, trust calibration, and escalation in hybrid human–agent 

workflows.  

Data reduction, pattern identification and interpretation were conducted in an iterative fashion. Interpretation of the 

interview findings was supported by the documentary evidence and there was some triangulation to reduce reliance on one 

source of evidence and strengthen interpretation.   

D. Proposed Theoretical Model 

This section introduces the proposed theoretical framework that will articulate how autonomous AI agents can affect 

organisational performance outcomes and impact CRM processes. The model has been influenced by the preceding research 
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of agentic systems, AI based CRM and enterprise workflow orchestration, and empirical data such as interviews with 

practitioners and analysis of documents. 

E.  Model Overview 

The model is not a set of detached tools or interfaces, but intelligent orchestration entities that live inside CRM 

systems and are autonomous AI agents. Based on this model, the effects of the agents' performance are achieved through 

interaction between agent capability on one hand and the workflow integration and wider organizational and technological 

factors on the other. The model comprises three key constructs: Agent capability, Workflow integration/orchestration, and 

CRM outcome performance. These relations between the constructs are mediated by a set of organisational and 

infrastructural enabling factors. 

F.  Agent Capability 

Agent capability is a combination of functional and architectural characteristics that allow autonomous agents to 

work in the context of CRM. Based on the agent systems literature and enterprise AI, agent capability is defined as being 

composed of four overlapping dimensions: perception and knowledge and reasoning, planning, and execution of actions with 

monitoring and feedback [17, 18]. 

Agents can access and interpret structured and unstructured CRM data like customer profiles, historical data of 

interactions, and real-time service signals. Using reasoning and planning, agents can evaluate other choices, sequence tasks 

and workflow stages based on business objectives. Overall, action execution can include self-service of CRM and external-

system functions through APIs, while monitoring mechanisms continuously assess and provide feedback. 

Increased agent capability translates to decreased need for fixed rules and manual intervention and an increased 

opportunity for context based coordination throughout CRM processes.  

G.  Workflow Integration and Orchestration 

How autonomous agents are integrated and orchestrated in the end-to-end CRM processes is called workflow 

integration and orchestration. This construct is the level of agents' involvement in CRM platforms, legacy system, data flows, 

and human activities supported by orchestration layers and governance processes [18, 19]. 

Effective integration can facilitate cross-sales, cross-service, and cross-marketing interactions; facilitate handoffs 

between human and machine actors; and enable workflows to be dynamic and adapt to customer behaviour and business 

constraints. On the other hand, poor integration can result in workflow disintegration, failure to align agents with systems, 

and reliance on the agents making decisions without proper oversight. 

The model thus posits that a capability of agents is not enough to produce performance gains, but that the gains are 

only realized when the agents are fully integrated into the organizational processes. 

H.  CRM Outcome Performance 

CRM outcome performance is a dependent construct of the model, and it consists of both operational and experience 

outcomes. In line with the previous AI-CRM studies, the performance metrics consist of the reduction in lead conversion 

cycle time, the increased first-contact resolution and SLA adherence, reduced average handling time and cost per contact, as 

well as improved customer satisfaction and quality of experience [15], [19]. 

The model proposes that improved workflow coordination through autonomous agents leads to stronger CRM 

performance by enhancing efficiency, responsiveness, repeatability, and personalisation at scale. 

I.  Moderating Factors and Enabling Factors 

The model identifies four moderating factors that influence the strength of these relationships. Organisational 

preparedness reflects how organisational culture, leadership encouragement, and digital maturity prepare adopters of 

autonomous agents. Data ecosystem maturity refers to the quality, integration, and accessibility of CRM data that support 

agent perception and reasoning. Trust and governance mechanisms include transparency, explainability, accountability, and 

escalation policies that shape acceptance of agentic decision-making [15], [27]. The scalability architecture is the modularity 

and robustness of an underlying system design to accommodate the growth of agentic workflows. These variables moderate 

the relationship between agent capability and workflow integration as well as the association between workflow integration 

and CRM outcome performance.  

J.  Hypothesised Relationships 

P1: There is a positive association between greater agent capability and greater levels of CRM workflow integration 

and orchestration. 
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P2: The greater the integration and orchestration of workflows, the more effective the CRM becomes, especially in 

relation to the operational efficiency and customer experience. 

P3: Organisational readiness, data ecosystem maturity, trust and governance mechanisms, and scalability 

architecture positively moderate the relationship between agent capability and workflow integration.  

K.  Summary of the Model 

In summary, the theoretical perspective indicated that the role of the autonomous AI agents in CRM processes is 

comprehensive and that their ability to achieve this role is influenced by their technical ability and integration and readiness 

in the organization. The model offers a systematic perspective of the analysis of agentic CRM systems and serves as the basis 

of the empirical assessment in the following sections. 

 
Figure 1: Conceptual Model of an Agentforce-Enabled CRM Workflow 

IV. RESULTS AND DISCUSSION 

A. Overview and Key Outcomes 

These findings should be interpreted as indicative rather than conclusive because they are based on a pilot 

implementation rather than a large-scale longitudinal study. This section presents findings from a pilot implementation of 

an autonomous AI agent-enabled CRM workflow. The purpose of this pilot evaluation was to examine whether the 

relationships proposed in the theoretical model were reflected in operational and customer-experience improvements 

following agent integration into CRM processes.   

The analysis compares baseline CRM operations with an agent-enabled workflow over the study period. The baseline 

condition reflected conventional CRM operations characterised by rule-based automation and human task execution, 

whereas the post-deployment condition involved autonomous agents managing workflow coordination, task prioritisation, 

and real-time decision-making. The comparison is based on key performance indicators (KPIs) commonly used to evaluate 

CRM performance. 

B. General Performance Enhancements 

The findings indicate consistent improvements across all reported metrics. Significant gains were observed in both 

operational efficiency and customer experience following agent deployment. Overall, the agent-based workflow delivered 

substantial reduction in process cycle time and handling costs, enhanced efficiency of resolution and service quality. 

In particular, the time for leads to be converted into customers was significantly reduced, meaning it took less time 

for leads to be converted to customers. . In the agent-based environment, a high workflow coordination and SLA decision 

support were also demonstrated in the quality of service operations with a high first contact resolution and a good 

compliance with SLA. These improvements also had a positive impact for customers downstream, with higher levels of 

customer satisfaction scores. 
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The remarkable improvements in the operational efficiency were particularly noticeable. Moreover, the average 

handling time and cost per resolved ticket were also considerably lower, in line with the model's promise of cutting down on 

manual steps and optimizing the execution of tasks using adaptive orchestration by autonomous agents. 

Table 1: Aggregate Pre- and Post-Deployment CRM Performance Indicators 

Metric Baselin

e 

After 

Agent 

Absolute 

Change 

Relative Change 

(%) 

Lead conversion cycle time (days) 14.2 9.1 −5.1 −35.9 

First-contact resolution (%) 58.0 73.5 +15.5 +26.7 

Customer satisfaction (CSAT, 

/100) 

76.5 84.2 +7.7 +10.1 

Average handling time (minutes) 11.8 8.2 −3.6 −30.5 

Cost per resolved ticket (USD) 12.4 9.1 −3.3 −26.6 

SLA compliance (%) 81.0 90.3 +9.3 +11.5 

 

C. Detailed KPI Comparison 

Benchmarking and post-deployment performance indicators on a more granular level also help to see the extent of 

improvement that can be made with the help of autonomous agents. The percentage improvement on all measures of 

efficiency of the agents (handling time, handling cost per interaction) is in favour of the workflow that has the highest 

percentage improvement. Experience-related KPIs such as customer satisfaction and performance of the SLA, improved 

more steadily and gradually. 

The outcomes are consistent with other works that have suggested that the benefits of an AI-based service system are 

likely to be in the form of productivity gains but the benefits that are more experiential may occur over a longer timeframe 

as the customer and employees adjust to new modes of interaction [20], [21], [23]. The results thus confirm the prediction 

of the proposed model that workflow integration mediates the relationship between agent capability and CRM outcomes. 

D. Temporal Performance Trends  

Average handling time was monitored weekly during the analysis period to assess the stability and sustainability of 

performance improvements. The results show a gradual but consistent decrease in handling time under the agent-enabled 

workflow, whereas baseline performance remained comparatively stable. This trend suggests that the benefits of 

autonomous agents may extend beyond an initial novelty effect, although longer-term evaluation would still be needed to 

confirm sustained performance.  

This gradual improvement also suggests adaptive learning and refinement within the agentic workflow in line with 

the emphasis of the model on the monitoring and feedback systems being the essential elements of the agent capability. 

 
Figure 2: Relative Change In Performance After Agent Deployment 

Figure 2 and Table 1 represent a summary of the percentage deltas of six KPIs. Improvements in first-contact 

resolution and SLA adherence are consistent with prior findings that well-designed chat interfaces and anthropomorphic 

cues can enhance perceived social presence and engagement, thereby improving resolution and satisfaction outcomes [21], 

[23], [24]. 
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Table 2: Weekly Average Handling Time Before and After Agent Deployment 

Week Baseline AHT (min) After-Agent AHT (min) 

1 12.1 8.91 

2 11.86 8.94 

3 11.9 8.56 

4 11.96 8.39 

5 11.5 8.36 

6 11.38 7.76 

7 11.63 7.63 

8 11.35 7.69 

 

 
Figure 3: Weekly Average Handling Time Before and After Agent Deployment 

These improvements support the theoretical model by showing that stronger agent capability facilitates better 

workflow organisation, which in turn enhances CRM operational performance. Figure 3 and Table 2 show a consistent 

reduction in average handling time over the eight-week period under the agent-enabled workflow. These reductions are 

consistent with literature suggesting that conversational agents can simplify routine interactions and support triage, 

although downstream performance still depends on how interactions are framed and how tasks are disclosed [20], [25].  

In conclusion, the empirical results confirm the theoretical model proposed. The targeted use of autonomous AI 

agents can lead to substantial improvements in the efficiency of operations, effectiveness of services, and customer 

experience when integrated into CRM processes. The general trend of the results indicates that the improvement in agents' 

capability leads to improved performance through better workflow orchestration, which is the core of the model. The results 

can be compared with existing literature and can be leveraged to enhance the existing knowledge of agentic CRM systems.  

V. FUTURE DIRECTIONS 

The various research opportunities appear to fall into three categories: large-scale enterprise deployment of 

autonomous agents, governance and trust in agentic CRM systems, and coordination of multiple AI agents working in 

tandem in complex organisational processes. Future research opportunities in this new area should be given priority: 

Multi-agent ecosystems and agent-to-agent coordination: Future environments in CRM typically won't be single-

agent systems, but rather multi-agent environments that share workflows and need to coordinate with each other. In the 

field of CRM, further research is needed on communications protocols, coordination mechanisms and role allocation 

dynamics [26]. 

Explainability, trust, and governance in agentic CRM: With more autonomy comes more explainability, 

interpretability, and accountability. Explainable agent behaviour in CRM, trust calibration, and ethical governance 

mechanisms are some of the topics that should be investigated in future research [27]. 

Scaling up longitudinal field deployments: There is limited evidence available, much of it being pilot or proof-of-

concept implementations. The model needs to be validated through multi-period, large-scale studies in the field, as well as to 

measure long-term impact on customer loyalty, organisation maturity and revenue growth [28].  



Sufia Parveen/ ESP JETA 6(2), 254-263, 2026 

 

262 

The stark reality of hybrid Human-Agent Workflows and CRM legacy systems is a major blocker to adoption. Future 

research should also explore the design of hybrid workflows where autonomous agents are able to collaborate with human 

experts in a way that is effective, and how these agents can be incorporated into existing CRM systems. 

Future systems will need agents that can adapt to varying customer behaviour, regulatory environments and business 

conditions; 5. Adaptive Learning and Continuous Agent Evolution. Future research will include self-evolving agents, 

continuous improvement mechanisms and lifelong learning in CRM settings. 

While these results provide valuable information for comprehending the capabilities of agent-enabled CRM processes, 

some constraints have to be highlighted. The first limitation of the empirical example is that it is a pilot implementation 

limiting the scope of the results to other industry and organisation settings. Secondly, the study is built mainly on operation 

indicators and qualitative findings, and does not provide an extensive statistical analysis of causal relationships. Thirdly the 

study concentrates on a single CRM workflow context and enterprise organisations can be multi-agent and multi-platform 

and multi-platform integration. Future studies in this field should thus be done on bigger deployments, performance 

outcomes on long-term and statistically tested models of agentic CRM performance.  

VI. CONCLUSION 

This paper highlights how intelligent orchestration enabled by autonomous AI agents can transform CRM processes 

by moving beyond rigid, script-based automation toward context-aware reasoning and action. The proposed model suggests 

that agent capabilities shape workflow integration, which in turn influences CRM performance outcomes. Illustrative 

evidence presented in this paper suggests that autonomous AI agents may generate improvements in operational efficiency 

and customer experience when effectively integrated into CRM workflows. However, there are still several major challenges: 

First, there is the need for consistent measurement of agentic performance at scale, second, there's the allocation of 

responsibility in human-agent collaboration and third, there's the need for reliable integration with existing CRM systems. 

These issues will need to be addressed as organisations move toward the next phase of CRM transformation.   
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